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Introduction

Literary machine translation has come in from the cold. Once the preserve of the avant-garde
(see Lennon 2014; Kenny 2020), it is now a focus of attention in mainstream machine
translation (MT) and translation studies circles. As interest in the field has grown, so too has
the variety of questions addressed and the range of methodologies adopted. Some studies
follow well-trodden paths in MT research,* focusing on the automatic and human evaluation
of MT outputs (e.g. Toral and Way 2018). Others also draw on familiar traditions in
translation studies, homing in, for example, on putative universal features of post-edited
machine translated texts (Toral 2019; Castilho and Resende 2022). But only a small body of
research has so far integrated the figure of the literary translator, to consider how they might
experience literary MT, how the use of MT might affect their style, and what a shift to MT
might mean for their oeuvre. In a previous study (Kenny and Winters 2020), we began this
line of enquiry. In this chapter we continue in this vein by laying the groundwork for further
investigations of translator/post-editor style in scenarios where MT is used. In our ongoing
research (Kenny and Winters 2020; Winters and Kenny forthcoming), we are particularly
interested in how the style of one prominent literary translator, Hans-Christian Oeser, is
affected when he works in post-editing mode. Our broad investigation obviously relies on
empirical observation of texts post-edited by Oeser, but it also requires us to have a clear
understanding of what we mean by “style” to begin with. At the same time, we are keenly
aware that since we began our studies of translator style (see, for example, Kenny 2001,
Winters 2007), the world has changed: MT has improved to the extent that its use in literary
translation is no longer principally associated with the production of disfluencies and comic
effects (see Kenny 2020); MT researchers have become more and more interested in the
translation of literature (e.g. Voigt and Jurafsky 2012; Toral and Way 2018); and there is
increasing focus in general on the customization of MT engines to make them more suitable
for specific tasks, such as the translation of specific literary genres (Hansen 2021) or even the
translation of works by a specific author, based on previous translations by a specific
translator (Hansen 2022). As the horizons of MT researchers expand, so too does their
interest in notions like style, and their understanding of this concept begins to feed into an
already crowded space. Meanwhile, long-established understandings of style in the field that
we call home, namely corpus-based translation studies, also need to be revisited given the
more expansive treatment the concept has recently received in digitally-informed literary

1 By ‘MT research’ we mean research conducted primarily by computer scientists specializing in MT.



studies (Herrmann et al. 2015). In short, before we proceed to further empirical investigation
of translator style in post-edited texts we need to take stock.

We thus begin our exploration in the current chapter by surveying recent work in literary MT,
drawing a tentative map of the various approaches taken in the field. We home in on studies
that address the related concepts of customization, personalization and style in the contexts of
machine and human translation, before making the case for the adoption of a literary studies
approach to style in MT research and characterizing literary post-editing as a kind of
downstream translator-specific personalization. We conclude, by way of illustration, by
giving brief details of one study which has already taken this approach.

Literary Machine Translation

We understand “literary machine translation” as an emerging interdisciplinary field that
embraces a range of phenomena related to the application of MT to the translation of literary
texts. It touches upon or intersects with, among other areas: speculative and empirical enquiry
into the features that make literary texts particularly amenable to or (more often) difficult for
MT (e.g. Voigt and Jurafsky 2012; Taivalkoski-Shilov 2019a); computational techniques that
might meet the attendant challenges (e.g. Van de Cruys 2020); the application of generic MT
to literary texts (e.g. Fonteyne et al. 2020); the customization of MT systems for use with
literary texts (e.g. Toral and Way 2018; Kuzman et al. 2019; Hansen 2021, 2022); the
systematic evaluation of literary texts translated by MT (e.g. Toral and Way 2018; Moorkens
et al. 2018; Matusov 2019); literary translators’ interactions with MT (Kenny and Winters
2020; Oeser 2020); reaction to the use of MT in the literary translation profession (Oeser
2020); readers’ reception of machine translated literature (Guerberof-Arenas and Toral 2020,
2022); style in human, raw and post-edited literary MT (Kenny and Winters 2020; Lee 2021);
and studies of so-called “universals” in post-edited literary texts (e.g. Castilho and Resende
2022). It would clearly be impossible to do justice here to all these interweaving strands. In
what follows we focus on studies that engage in particular with questions of customization,
personalization and style in literary MT.

Customization, Personalization and Style in Literary MT

The current dynamism of the field shows that literary translation is now seen as a valid object
of study in MT circles, having previously been considered beyond the reach of the
technology. The increased attention given to literary MT coincided with the step change in
quality that accompanied the transition first from rule-based to statistical MT and then, more
rapidly, from statistical to neural MT in the mid-2000s and mid-2010s respectively. A
detailed discussion of how and when these transitions came about is beyond the scope of this
chapter. The reader is referred instead to treatments in Bentivogli et al. (2016), Kenny (2018)
and Hansen (2021, 2022), among others. Suffice it to say here that statistical MT (SMT) and
neural MT (NMT) not only offered superior quality to their respective predecessors, based on
both human and automatic evaluations of their outputs, they also allowed customization. MT
engines could now be trained specifically on literary texts from which they would



presumably learn mathematical models of literary translation. Some early research in the area
(e.g. Toral and Way 2015a, 2015b) focused on adapting generic SMT engines by adding
relatively modest quantities of literary text to their training data, yielding “literary-adapted
MT” (Toral and Way 2015b). As efforts scaled up, and deep learning became embedded in
MT, larger corpora of literary texts — usually novels — and their translations were used to
train NMT engines that could now claim to be doing fully-fledged “literary MT”, even
without the support of “out-of-domain” (i.e. non-literary) data.? At the time of writing,
custom NMT engines designed for use with literary texts may be trained on both generic and
literary text or on literary text alone. The NMT engines reported on in Guerberof and Toral
(2022) serve as a case in point: the English-to-Catalan engine is trained on both out-of-
domain and in-domain (literary) text, while the English-to-Dutch engine is trained
exclusively on literary text.®

Customization can take even more specific forms: texts written by particular authors and
translations by particular translators can be integrated into the training data for a given
engine, steering literary MT towards increasing personalization. What we call “translator-
specific personalization” is mooted in Oeser (2020: 23), while Kuzman et al. (2019)
experiment with both author- and translator-specific training data in literary MT, thus
yielding both author- and translator-specific personalization, albeit on a very small scale
using a single translated text as parallel data, and with limited success. Likewise, Hansen
(2022) reports on an MT engine trained on six novels produced by one particular author and
translated by one particular translator working in the heroic fantasy genre. The genre appears
to be especially problematic for MT, whether generic or custom (ibid.), but Hansen still
concludes that early experiments point to the potential of translator-specific personalization
in literary MT. Such personalization based on training data appears to us to be a promising
way to give “textual voice” (Alvstad et al. 2017) to human translators in the context of
literary MT, following an ethical imperative that we have explored in previous work (Kenny
and Winters 2020).

Generic systems have, meanwhile, proved capable of competing with and sometimes
outperforming customized literary systems — even (modestly) personalized ones — in research
settings (Kuzman et al. 2019; Matusov 2019), no doubt because of the sheer size of the

2 Toral and Way’s (2018) early experiments with NMT, for one, were based on training data composed entirely
of novels translated from English into Catalan, and a monolingual corpus of novels in Catalan.

3 “Generic” engines are understood here as MT engines that are trained on sentences taken from texts
covering “a wide range of topics, styles and genres, and not specialized in any particular domain” (Ramirez-
Sanchez 2022). These are typically contrasted with “custom,” “domain-adapted” or “bespoke” engines, which
are designed for use with specific genres in specific domains (e.g. legislation, patents, novels, etc.). The
distinction between “systems” and “engines” meanwhile, roughly follows that made in Kenny (2022: 45): an
MT system is understood as an MT product or service that is made available by a single supplier or developer.
Familiar examples include Google Translate and Microsoft Translator. Many such systems often come in a free
online version, yielding the acronym FOMT. An MT engine, on the other hand, is an MT “program (or even a
“model”) that has been trained to deal with a particular language pair and, often, domain or genre” (Kenny
ibid.). A single system provider may thus offer several different generic and/or custom engines. In cases where
it is not necessary to make the distinction between system and engine or model, the term “system” serves as a
useful superordinate.



training data they learn from. More tellingly perhaps, the improved performance that
accompanied the rise of NMT has meant that even generic MT has reached a level of quality
at which some literary translators can begin to countenance experimenting with it (see Kenny
and Winters 2020: 133; Oeser 2020:20). This opens the door to an alternative approach to
translator-specific personalization in our view: rather than changing the training data in an
upstream effort to produce translations that reflect the preferences or style of a particular
translator (although we do not deny the merit of this approach), it is also feasible to
personalize downstream. In this case a literary translator would post-edit the output of a
generic MT engine, so that it conforms to their expectations of a what a good translation of
the source should look like. In so doing, we hypothesize, they will put their own “stamp” on
the final translation. What we are suggesting is that a literary translation created by a machine
and post-edited by an experienced human literary translator will contain elements that reflect
the style of that translator. If we have independent evidence as to what constitutes the
translator’s style, then we should be able to show empirically whether their style as a post-
editor coincides with their style as a translator. We characterize our approach as involving
“downstream translator-specific personalization.”

Before describing precisely how we proceed, we revisit some key concepts in literary MT,
addressing the motivations behind “literary-adapted” MT, and especially translator-specific
personalization based on training data, problematizing in particular the understanding of style
in MT research.

The Interaction between Corpus, Domain and Style in Machine Translation Research

The basic idea behind any kind of customization or “domain adaptation” in MT is that the
best translation engine will be the one that has been trained (or fine-tuned) on “relevant” data
(Koehn 2020: 239).# Relevance here suggests that the texts in the corpus used to train the
system share characteristics with the texts the system will subsequently be used to translate.®
The term “domain” is used very broadly in MT research, however: texts from the same
domain might be expected to share “similar topic[s], style, level of formality, etc.” according
to Koehn (2020: 239), but in practice it is typically the provenance of a corpus that marks it
as belonging to a given domain, or in Koehn’s (ibid.) words, “domain...typically means a
corpus that comes from a specific source.” The assumption in much of the work in MT seems
to be that similar “topic, style, level of formality, etc.” (ibid.) can be inferred from
provenance.

In this light, the treatment of “literary texts” as a domain in literary MT seems problematic:
there is no single source (e.g. author, publisher or even country) from which the 133 English-
language novels in the parallel corpus used in Toral and Way (2018) might be said to hail, for
example. The same can be said of the 1,000 books in the Catalan and the 1,600 books in the

4 A discussion of how domain adaptation is achieved in practice (e.g. through fine-tuning, data interpolation,
etc.) is beyond the scope of this chapter. The reader is referred instead to Koehn (2020: 239-261).

5 An engine trained on a parallel corpus of legislation, for example, should be well adapted to the task of
translating previously unseen legislative texts in the language pair in question.



English monolingual corpora used in their study. It also seems unlikely that the texts in the

corpora in question can be united by topic or level of formality, as per Koehn’s description.
We are left with the assumption that the texts in each corpus perhaps share a certain literary
style, although this is not explicitly pursued in Toral and Way (2018) or related studies.®

The picture gets fuzzier still when one considers how the term “style” itself is understood in
MT research. It seems that the general vagueness around the term “domain” is mirrored in the
treatment of “style”. Korotkova et al. (2018: 2), for example, treat the term “text style” as
“loosely as covering concepts like text domain, genre, formality and other text
characteristics” (Korotkova et al. 2018: 2), making “domain” an element of “style”. The three
“styles” included in their study are OpenSubtitles, Europarl, and JRC-Acquis, where “style”
effectively becomes coterminous with “corpus,” in the same way as “domain” became
coterminous with “corpus” in Koehn (2020).” Korotkova et al. (2018) provide examples of
how sentences in French and German are automatically translated into English in the three
different “styles” under consideration. The French string on se lance?, for example, is
translated as “let’s go” in the OpenSubtitles “style”, “are we getting started?” in the Europarl
“style”, and “are we going?” in the JRC-Acquis “style”. Conceptual vagueness, it turns out,
does not prevent the machine learning techniques used in NMT from learning (at least some
of) those features of each corpus that mark it as stylistically different from the other two.®

Michel and Neubig (2018) also attempt to create NMT outputs in varying styles, but this time
the focus is on mimicking the style of individual source text speakers in a corpus of translated
TED talks. Wang et al. (2021) pursue the related aim of mimicking the styles of individual
translators in a similar corpus of translated TED talks. In both cases, the authors treat each
individual (speaker or translator) as a “domain”, and add discrete speaker or translator tokens
to the training data to create personalized NMT engines.® Interestingly, Michel and Neubig
(2018) do not refer to “style” as such. Rather they use the phrases “speaker traits” and
“speaker-related variations” to capture what becomes labelled as “speaker and author style”
in Wang et al. (2021). Wang et al. (2021) commit to the term “style”, however, and claim that
their “style-augmented translation models are able to capture the style variations of
translators and to generate translations with different styles on new data” (ibid.: 1). They also
claim that “translator information has more impact on NMT than the speaker information”,
although one possible explanation for this is that there are fewer translators than speakers in

6 The impressive corpora used in this study have also been used in subsequent studies, including Moorkens et
al. (2018) and Guerberof Arenas and Toral (2020, 2022), none of which, however, problematize the notions of
domain or style.

7 Stylistic differences are, in turn, assumed to exist between these corpora (Korotkova et al. 2018: 3), and
despite acknowledged intra-corpus heterogeneity in OpenSubtitles, many “stylistic traits” are said to be
“similar” even within this corpus, “which means that these common traits can be learned as a single style”
(Korotkova et al. 2018: 3).

8 Note here also that, in line with other natural language processing studies in “style transfer”, Korotkova et al.
(2018) distinguish between “semantic content” and “style”, while acknowledging that in practice the two
concepts are sometimes dealt with together.

% For example, the speaker token is added at the start of the target sentence for each speaker in Michel and
Neubig (2018).



their training data, as some translators translate speeches by several difference speakers.
Hence there is more training data per individual translator than per individual speaker,
making the translator signal stronger (ibid.:5). They note that style-augmented translation
outperforms the baseline in both human and automatic evaluations, and that “human
evaluation confirms that observed differences are all about style and not translation quality”
(ibid.: 1-2). Wang et al. (ibid.), like some of the above-mentioned researchers, thus suggest
that there is merit in translator-specific personalization in MT research, and that this merit
resides in the ability of personalized MT output to capture translators’ styles. They do not
define “style” formally however, choosing instead to give examples of what has been
considered to constitute “style” in the MT literature, mentioning “verbosity”, “formality”,
“politeness”, “demography” and “personal traits” (ibid.:2). In their own study they exemplify
“style” using three criteria: verbosity (how many words a translator uses), and lexical and
grammatical choices. For a study that purports to be interested in translator style, however,
references to the translation studies literature on the subject are conspicuous by their absence.

Overall, the MT literature is often vague or non-committal when it comes to defining style.
This vagueness means that it is difficult to distinguish between style and related concepts in
MT research, and that it would be difficult to rely on definitions from the area in any attempt
to operationalize style in investigations such as ours. Rather than rely on the under-
conceptualized notion of style encountered in much MT research, we thus turn for guidance
to a field that has been concerned with literary style for centuries (Herrmann et al. 2015:25)
and that has influenced corpus-based translation studies, namely literary studies.

Style in Literary Studies

There is a long history of scholarship on style in literary studies. Herrmann et al. (2015)
provide a comprehensive overview of contributions made since 1945, taking in hermeneutic,
structuralist, pragmatic and digital humanities approaches, among others. The definitions of
style encountered in these traditions, according to Herrmann et al. (ibid:26) cover:

style as revealing a higher-order aesthetic value, as the holistic »gestalt< of single
texts, as an expression of the individuality of an author, as an artefact presupposing
choice among alternatives, as a deviation from a norm or reference, or as any formal
property of a text.

In the interests of establishing “a common ground for literary scholars and stylisticians when
talking about style” (ibid.: 28), Herrmann et al. go on to propose “an operational definition of
style that incorporates a minimal common ground for interdisciplinary empirical research and
the application of new, digital methods” (ibid.). Their subsequent definition of style is one
that resonates with us, given its commitment to empiricism and the ease with which it can
accommodate digital methods. It is also broad and non-normative, in the sense that it does not
promote coherent style as a sign of aesthetic quality. Nor does it suggest that style is unique
to literary texts. It presents style as an empirical textual category, that is, as something that
can be observed in texts, where observation can be primarily based on quantitative or
qualitative methods, or a mixture of both. Herrmann et al.’s definition of style is as follows:



Style is a property of texts constituted by an ensemble of formal features which can be
observed quantitatively or qualitatively. (Herrmann et al. 2015: 44, italics in
original)©

This definition is largely consistent with that adopted in digital corpus stylistics, one of the
areas on which Herrmann et al. (ibid.) draw, and which has been influential in corpus-based
research into style in translation studies (e.g. Baker 2000; Saldanha 2011). However, the
definition does not require style to be identified contrastively, an approach often taken in
corpus-based translation studies, but neither does it exclude such an approach. In quantitative
stylistic analyses, in particular, inter-corpus investigations are common. In such cases:

Frequencies of selected elements can be quantitatively related across a collection of
individual texts, for example by using the collection itself as the relative norm, or
using a large(r) reference corpus as a backdrop. (Herrmann et al. 2015: 47)

The fact that style does not have to be identified contrastively by definition is another factor
that draws us to Herrmann et al.’s definition. In the past we have used Saldanha’s (2011)
influential definition of “translator style” (Kenny and Winters 2020), which integrates
contrast in the form of “deviance from a norm” as a necessary condition for the identification
of an individual translator’s style. More specifically, a translator’s style is identified partly on
the basis of how their work differs from that of other translators. Such contrast is not a
sufficient condition for the recognition of style in Saldanha’s definition, as translator style
also has to meet other criteria. Saldanha’s definition of translator style is as follows:

A ‘way of translating’ which:
e s felt to be recognizable across a range of translations by the same translator,
o distinguishes the translator’s work from that of others,
e constitutes a coherent pattern of choice,
e is ‘motivated’, in the sense that it has a discernible function or functions, and
e cannot be explained purely with reference to the author or source-text style, or

as the result of linguistic constraints.

(Saldanha 2011: 31)

The “contrast with other translators” condition seems to us now to be somewhat problematic
in that it suggests that two translators cannot have the same style, or share elements of the
same style, which in our view is an unnecessarily restrictive position to take. Investigations of
style in literary translation do not have the same priorities as investigations of style in

10 Herrmann et al. (ibid.: 30) point out that their contribution “centers on style definitions that are valid at the
textual level of usage” and not “those approaches that deal explicitly with style at the level of the reader’s
processing, such as psychological theories of style processing and cognitive-linguistic theories in their pure
form.” The “eminently important” analytical distinction between “the levels of reader response and textual
structure” is however, acknowledged, as is the role of cognition in subjective judgements about deviation and
norms, for example (ibid.).



forensic linguistics, for example, where aims like author (or translator) attribution mean that
techniques that distinguish individuals from each other are paramount.*!

Herrmann et al.’s (2015) definition also differs from Saldanha’s (2011) in dropping the
requirement for “coherence”, which they associate with “more normative views of style
which see coherent style as a sign of aesthetic quality” (ibid.: 44). They fall back on the
notion of an “ensemble” of formal features instead:

By »ensemble« we mean that style is constituted by the combination of many possible
features and should be seen as a complex system, with features situated at different
linguistic levels. Such an ensemble does not necessarily exhibit a coherent unity;
rather, it can have various degrees of unity or harmony, or, on the contrary, contrasts
or incoherence. (Herrmann et al. 2015: 44)

This approach seems to us to allow for very broad descriptive explorations of style that are
not unnecessarily restricted from the outset, but also that allow for the fact that an individual
translator’s style might vary over a range of texts or over time, even if some features of their
style remain constant. Having said that, there is some evidence that individual author styles
can persist over decades, and despite changing editorial environments. This is the case, for
example, with the judges of the US Supreme Court investigated in Jockers et al. (2020).
Similarly, this persistence of individual style over time can also apply to translators, as we
have demonstrated for Oeser (Kenny and Winters 2020).

Causality and Style in Literary Machine Translation
Herrmann et al.’s (2015) general approach also has the merit of allowing for causality to be
integrated into discussions of style in many ways:

Even in the absence of conscious intentions, causal relationships may be
hypothesized: genre can cause style (e.g. by means of conventions: form and themes),
authors can cause style (e.g. by means of idiosyncrasies), theme and topic can cause
style. The interpretability of style relative to categories such as authorship, literary
genre, or literary period, is hence paramount. This means that any stylistic
phenomenon can ultimately be considered the trace of or the index towards such
categories (or, in other terms, may be »>characteristic< of them). (Herrmann et al. 2015:
46)

To Herrmann et al.’s list, and drawing on the literature in corpus-based translation studies and
literary MT, we would add the following hypotheses, some of which have been tested in the
field:

11 Note that corpus linguists in general have also been criticized in the past for setting too much store by
difference at the expense of recognizing similarity (see, e.g., Baker 2004; Taylor 2018). Note also that the
dropping of a requirement of contrast with others from the definition of (translator) style does not mean that
we do not use contrastive techniques in the exploration of translator style. On the contrary, Winters and Kenny
(forthcoming) make heavy use of (and defend) one such technique, namely keywords analysis.



Translation can cause style.

The very fact of translation may influence the formal features of a target text, regardless of
which translator performed the translation, what the source language was, etc. This is the
basic idea behind research into so-called “universals” of translation (see Baker 1993).

Translators can cause style.

The formal features of a target text may be seen as a trace of a particular translator (Baker
2000; Kenny 2001; Saldanha 2005, 2011; Winters 2009, 2013).

Machine translation can cause style.

Even if we allow for the fact that the particular texts on which an engine is trained, the genres
to which they belong, and the language pair involved can be reasonable causes of style, we
still have to admit that the algorithms used in contemporary machine translation themselves
can cause style, most notably by amplifying characteristic features of texts in the domain in
question, leading to over-use of those features — for example, contractions like 7°// in subtitle
translation (Korotkova et al. 2018) — or to gender and other biases in their outputs (Hovy et
al. 2020; Vanmassenhove et al. 2021).

Post-editing can cause style.

Previous research has shown that post-editing — or more accurately, and for obvious reasons,
the combination of machine translation and post-editing, also known as “PEMT” — can lead
to target texts that differ in systematic ways from human translations. Toral (2019), for
example, using a number of different corpora involving several different language pairs,
shows that there are statistically significant differences between post-edited texts and human-
translated texts on certain easily computed scores (e.g. type-token ratio and lexical density).
In general, however, it is difficult to factor out post-editing from machine translation itself as
a cause in this kind of study. Culo and Nitzke (2016), who focus on terminological variation,
thus find evidence of machine translation “shining through” in PEMT texts, while Farrell
(2018) similarly concludes that the PEMT texts in his study contain “machine translation
markers.” The latter two studies serve as examples of work that combines both quantitative
and qualitative perspectives, identifying as they do the particular terms or expressions that
prove to be characteristic of PEMT texts.



Post-editors can cause style.

Although “post-editing” is considered the condition of interest in many hypothesis-testing
studies, some studies depart from what we might call a “post-editing as monolith” position by
pointing to differences between post-editors, among whom individual variation has been
described as “inevitable” (O’Brien and Simard 2014: 160). This is despite the fact that, for
years, post-editors have been instructed to change as little of the machine translation output
as possible (O’Brien 2022) so one would expect their room for manoeuvre to be limited. To
date, however, there have been few if any studies that set out to investigate how stylistic
phenomena can be considered “the trace of or the index towards” (Herrmann et al. op. cit.) a
particular post-editor. Kenny and Winters (2020) is one exception. It is described briefly in
the next section.

The literary translator as post-editor: a case of downstream translator-specific personalization
As already indicated, we are interested in the potential of post-editing as a type of
downstream translator-specific personalization in literary MT. Such personalization could be
said to occur in cases where, by editing a machine translated text in a particular way, a
literary translator is shown to assert their own style in the post-edited text. In Kenny and
Winters (2020), we attempted to capture data on such personalization in an experiment in
which Hans-Christian Oeser post-edited a short text translated by DeepL. The text in question
was a chapter from F. Scott Fitzgerald’s The Beautiful and Damned (1922), which Oeser had
himself translated (from scratch, that is, without the use of MT) some twenty years earlier
(Die Schonen und Verdammten, 1998). His post-edited version was compared with his from-
scratch translation in order to ascertain whether, as a post-editor, Oeser put his own stylistic
stamp on the MT output. By tracking individual edits made on the short text, we found that
Oeser’s style, as familiar from previous corpus-driven studies, was somewhat attenuated in
his post-editing. The study had some shortcomings however. The translation commission was
fictitious, and the use of MT was not the only variable that might have affected the outcome.
Oeser himself commented on the passage of time as a factor affecting his performance as a
translator/post-editor. In Winters and Kenny (forthcoming) we address both of these issues.
In this case the commission is a real one and we make comparisons with a corpus of
translations published by Oeser around the same time as he completed the post-editing task in
question, as well as with a reference corpus of texts originally written in German at roughly
the same time. The passage of time is thus not a confounding variable.*? Space constraints
prevent us from giving fuller details of this study. In what follows we confine ourselves to its
general design and some principal findings.

12 Note here that a further difference between Winters and Kenny (forthcoming) and Kenny and Winters
(2020) is that the latter involved a three-way comparison (in the first instance) between a human translation, a
machine translation, and a post-edited machine translation. Winters and Kenny (forthcoming), on the other
hand, involves (in the first instance) a two-way comparison between a machine translation and a post-edited
machine translation. Further comparisons with the larger translator-specific corpus and reference corpus of
original German literary texts are then carried out.
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In Winters and Kenny (forthcoming) we analyse a version of Christopher Isherwood’s (1954)
novel The World in the Evening that was post-edited by Hans-Christian Oeser on the basis of
a machine translation into German produced by DeepL (free version used in 2019). Oeser’s
post-edited version was subsequently published as Die Welt am Abend (Isherwood 2019). As
elaborated upon in Winters and Kenny (ibid.), Oeser’s work on the DeepL translation does
not conform to the image of “post-editing” promulgated in many language industry sources.
In fact, Oeser himself does not describe the process as post-editing but rather as one of
“painstaking retranslation” (Oeser 2020: 20), adding that “there was hardly a sentence that
did not have to be thoroughly revised and rebuilt” (ibid.). We received from Oeser the full
raw machine translated version of the novel and his own post-edited version, both in digital
form, and can attest to the extent of the changes made to the MT output, which in turn
suggested that there would be ample data to study both the style of the MT and the style of
Oeser’s subsequent post-edited version. What interests us most in our study is the extent to
which, in editing the MT output, Oeser not only fixes errors, which is the main purpose in
conventional post-editing (O’Brien 2022), but also makes changes that have the effect,
whether intended or not, of imposing his style on the final version.

From previous quantitative and qualitative empirical studies (esp. Winters 2007, 2009) we
have a comprehensive picture of Oeser’s style as it then stood (see also Winters 2015). We
have also created a reference corpus, Oeser 12, containing twelve of Oeser’s recent
translations (novels and novellas translated as sole translator between 2016 and 2021'®) and a
reference corpus of 57 works originally written in German over a similar period (2000 to
2012, the most recent time interval covered by ). Our data sets allow us to study the style of
the machine translated text and the post-edited text in their own rights, by observing “an
ensemble of formal features” (Herrmann et al. 2015: 44, and see above) in each. Knowing
how both texts came into being, we can then hypothesize MT and post-editing as “causes” of
the various features in the latter text. This part of the analysis will certainly draw on
contrastive analysis between the machine translated and the post-edited texts, but it can also
allow us to see similarities between these two texts. Meanwhile, by comparing the style of his
post-edited text with what we already know about Oeser’s style as a translator and with what
we can glean about this style from the contemporaneous reference corpus of his translations,
we can work out how consistent his ‘style when post-editing’ is with his ‘style when
translating’. If there is a high level of consistency, then the argument that literary MT post-
editing can be seen as a kind of downstream translator-specific personalization becomes more

13 As already indicated, by using a contemporaneous corpus to get a snapshot of Oeser’s style at a particular
point in time, we implicitly acknowledge that his style (or any translator’s style) might change over time. (Such
change over time would be best captured using a diachronic corpus design.) The ‘synchronicity’ of Oeser 12
with his post-edited work could, however, be questioned given the longer timeframe over which the source
texts behind Oeser 12 were written: while the majority of those source texts were published between 2010
and 2020, some were originally published earlier, e.g., in the 1940s, 50s and 70s. We also acknowledge that
both the time of publication of the source text and the time period of the fictional setting might influence style
in translation, motivating, for example, the use of ‘elevated’ lexis. In the case of the word we focus on later in
this chapter, however, we note that while there is much variation in the frequency of weshalb across the texts
in Oeser 12, we have not found any evidence of a relation between its frequency and the publication date of
the originals.
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compelling. Comparisons with the reference corpus of original German literature, finally,
allow us to investigate whether certain features of Oeser’s style as a translator and post-editor
are particularly indicative of his work, or whether they are also typical of German letters in
general.

Of course, in such a study, or rather series of studies, there are hundreds of formal features —
involving varying levels of abstraction, quantification and qualitative analysis — that could be
investigated (see Herrmann et al. 2015: 45). For reasons elaborated upon in Winters and
Kenny (forthcoming) we start our investigative journey by tracing keywords in the various
data sets. The analysis is thus, in the first instance, a lexical one, and focuses on those lexical
items that distinguish Oeser’s post-edited text from the DeepL MT output. The findings
reported in Winters and Kenny (forthcoming) suggest that there is hardly a keyword in
Oeser’s post-edited version that cannot be explained with reference to his style. By way of
illustration, and due to space constraints already alluded to, we give just a single example
here.

The word form ranked fifteenth in the keywords list for Oeser’s post-edited text is weshalb
(‘why”).2* It occurs 19 times in Oeser’s post-edited text and not at all in the raw MT output.*®
Inspection of the two texts conducted using a parallel concordancer shows that in every case,
Oeser inserts weshalb to replace warum (a more common word also meaning ‘why’) in the
MT output.’® A comparison of the relative frequency of weshalb in Oeser’s post-edited text,
the reference corpus of his translations (Oeser 12) and the German Original Literature
reference corpus, as depicted in Table 1, suggests that weshalb is a word characteristically
used by Oeser.

Table 1: Frequency per 100,000 tokens of weshalb in Oeser’s post-edited Isherwood
translation, Oeser 12 and German Original Literature

keyword | Oeser’s post- per reference  per reference per
edited 100,000 | corpus: 100,000 | corpus: German 100,000
Isherwood Oeser 12 Original
translation Literature

weshalb | 19 18.27 168 23.97 257 7.15

It occurs nearly 24 times in 100,000 words (tokens) in Oeser 12. It is far less commonly used
by writers of original prose in German, however, occurring slightly more than 7 times in
100,000 words (tokens) in the German Original Literature corpus. Interestingly the use of
weshalb is mentioned by Oeser in his comments on the post-editing work we reported on in
Kenny and Winters (2020). In that source, Oeser characterized its use as one of his ‘quirks’:

14 Keywords are computed using WordSmith Tools version 8.0 (Scott 2022) and using the raw MT output as the
reference text. They are ranked using log likelihood scores in conjunction with Bayesian Information Criterion
(BIC) scores, which measure effect size. Full details of the keyword analysis are given in Winters and Kenny
(forthcoming).

15 The log likelihood score for weshalb in this text is 14.33 (BIC=26.58).

16 For ease of analysis the MT raw output and post-edited versions were aligned and searched using Tetrapla,
developed by David Woolls (2008-2022).
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Auch so eine Marotte von mir: lieber "weshalb" als "warum" zu verwenden.
(‘Another one of my quirks: I prefer using weshalb to warum.”)
(Oeser 2020 in Kenny and Winters 2020:143)

The presence of so many instances of weshalb in his post-edited text thus brings that text
more into line with what is known about Oeser’s style, as observed in a corpus of his
translation work, and as revealed in Oeser’s own commentary on his previous work.

Conclusions

In this chapter we have reflected on current strands in research into literary MT and have
pointed up the relative lack of conceptualization regarding style in the field. We have
revisited the concept of style in the light of recent thinking in literary studies and made the
case for adopting Herrmann et al.’s (2015) broad and digitally accommodating definition in
studies of translator style whether or not those translators are working with MT output. We
have exemplified our approach with one simple example, using just one analytical technique,
and focusing on just a single translator and a single post-edited text. In ongoing work
(Winters and Kenny forthcoming; Kenny and Winters 2022) we account for far more of our
data, and apply additional techniques. We hope here, nevertheless, to have offered “proof of
concept” that a literary translator’s post-editing activity can be regarded as downstream
translator-specific personalization of MT output.
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